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1. When Giants Fall
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61 Collapﬁg of Market Share in Mobile Handset History

Nokia sets new world record for fastest collapse in history of mobile phones, falling 62% per year
{previous record was 50% per year: Microsoft Windows Mobile from 2008 - 2010)

100% —— LG 2008-11 = 24% /year

—— RIM 2009-12 = 34% fyear
—— Siemens 2001-04 = 35% /year
80% —— Motorola 2006-09 = 41% Kear
—— Palm 2005-08 = 42% /year
—WinMo 2008-10 = 50% /year
60% —Nokia 2010-12 = 62% fyear

LG - from 9% to 4% in 3 years - survived
40%

RIM - from 19% to 5% in 3 years - survives
Siemens - from 8% to 2% in 3 years - sold

Motorola - from 21% to 5% in 3 years - sold

20% Palm - from 9% to 2% in 3 years - sold

--.,,... Windows Mobile - from 12% to 3% in 2 years - replaced

e

0 Nokia - from 35% to 5% in 2 years - is endangered
T T T 1

Year 0 Year +1 Year +2 Year +3
Source: TomiAhonen Consulting Analysis January 2013, based on company and industry market data

ol i
7  © Experian 06/08/2017 Private and confidential  Presentation Title (] expe r |G nm
[



Why they failed? THE

_ INNOVATOR'S
1. They were making a lot of money DILEMMA

2. Changing competitive landscape

Technology 2 3. Operating model implications

CLAYTON M.

4. Failure to recognize timing S

Lessons learned
« Currently unattractive opportunities can become very

persereprsessersrsesess attractive opportunities in our changing world.
//////////// /// %,,9,9,32?,3,5‘,’,23,2 « Current success is easily distracting and can blur vision
when considering new opportunities or threats.
« Transformation can happen very quickly, and if you miss
it, it can be very unforgiving.
« Brand strength and/or past successes are not enough to
Technology 1 compete against new digital transformers.

Performance

Time
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1. When Giants Fall — New disruptions
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2. Five forces drive the near futu'if_é
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2. Five forces drive the near future — Back to the future 2006/2007
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2. Five forces drive the near future
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2. Five forces drive the near future
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2. Five forces drive the near future — IA

Structure Image
Intelligent Behavior: Discovery Feat Classification
« Learn from experience cature ® Customer
P _ e Elicitation  Fraud ® Retention
* Apply knowledge acquired from Meaningful Detection @

experience

« Handle complex situations

» Solve problems when important
information is missing

» Determine what is import

« React quickly and correctly to a new

compression

DIMENSIONALLY

Big data REDUCTION

Visualisation

situation . . Recommended UNSUPERVISED

* Understand visual images Systems LEARNING

* Process and manipulate symbols CLUSTERING

« Use heuristics Targetted

« Be creative and imaginative* Marketing

@
Customer
Segmentation

Real-Time Decisions @

Game Al @
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CLASSIFICATION @® Diagnostics

® Forecasting

SUPERVISED
LEARNING

® Predictions

® Process
Optimization

MACHINE

LEARNING ~

New Insights

REINFORCEMNET
LEARNING

® Robot Navigation

® Skill Aquisition

o
Learning Tasks
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3. How incumbents can survive digital disruption

Growth

Current
Technology

Emerging
Technology

Time
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Business value-add, adjusted for uncertainty

Trajectory:

= Significant success
- Moderate success
= Minimal success

High

Medium ~ Swarm inteligence

Speech

Low

Deep learmning

Negative platforms

Creation Survival

recognition | P

Time to reach next phase:

(w»»! <1 year » 1 to 3 years »i3to 5 years

(1})5tc 10years (M) >10 years

_ Decision management
I

n f-(ptimized hardware

{ u‘{achlne learning platforms
11 Virtual agents

"»‘ Text analytics and
( 11) Robotic process automati

Image and video analysis

Growth Equilibnum Decline
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Experian DatalLabs

~60 data scientists, technologists and industry experts focused on innovation

North America
San Diego, CA - Opened 2010

*

South America
Sao Paolo, Brazil - Opened 2015
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INNOVATION

UK and EU

MAPPING

APLAYROOX
FoR

NAVIGATING
A DISRUPTIVE
AGE

3

e d

GREG SATELL

London, England — Opened 2014

Innovation with new
data sources and
technology

Emphasis on financial
services, retall, telecom
and healthcare

Safe and secure
environment to
innovate with Experian
and partner data assets

Hypothesis driven
problem solving

Direct client
engagement

Tackling new, currently
unsolved industry and
client issues
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Experian DatalLabs
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Use Case: RWA — Real World Audience
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https://www.youtube.com/watch?v=t_Q3P0YSUnQ&feature=youtu.be

Mobile data capabilities
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Mobile data capabilities
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Use Case: ecommerce fraud prevention

- - ) |
7 1rel/*
i PSS LA BN
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Billing:
N. Carmelina Ave,
Los Angeles,

V W
Shlp
e, CA 90250

Amount:
$231.99

Date / time:
10/13/15 | 6:51 PM
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Use Case: ecommerce fraud prevention

Billing:
Burshire Drive
Plainfield, IL 60586

Shipping:

Gdn,

0
$126.48 N

)LD STANDARD

51 N
e a——— Date / time: o

9/23/15 | 6:15 PM

SKU:
3267268

s experian.



Use Case: ecommerce fraud prevention

99 million transactions
80+ merchants
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Use Case: ecommerce fraud prevention — language models

* Rich textual information: Category, name, description
* Pre-process example:

{'Category": "'TABLETS_ANDROID', 'Name'". 'Samsung
Galaxy Tab 4 7.0 - White’, 'PromoCode": 'N',
'UnitCurrencyCode": 'USD’, 'Quantity": '1', 'LineTotal":
'179.99', 'WeightUnits": 'pound’, 'UnitWeight': '1.08',
'ShipmentRPH'": '1", 'UnitCost'": '179.99', 'Description':
'‘Samsung Galaxy Tab 4 7.0 - White'’}

= [‘tablets’, ‘android’, ‘samsung’, ‘galaxy’, ‘tab’, ‘white’]
06/08/2017

25 © Experian Private and confidential Big Data vs Open Data

TAL INK* INC S E S G—?—ANDgTD
DCC PARIDLS | ];cquc
STENA,.SuE_AS " PULLMAN Au H’-.,.._;HL_‘

2 ME

Shlpplng I\/Iosauc®

ABCDFTF G M N O
A
L
@ [
o’
" — L
G
S i "
|
2 y 5
.
o |
~
E » 018
— o
" — [ 010
m o
) 208
s

Social network analysis

CRL JIES = IVAL
ITY CIgars. MSC. CEL., TOURS Bq\:smp\

Al
LT
[N s
ALINKL OF Lol
VOEIRD & 2,
LR O NS A0 0%
‘ -Cﬁ. - A OATORS
wh‘ 1 )
wikle 0%
LIRS T PORAL e i
"
o
nerv b S,
rosI0s O &
o TR -
o) MOOADE LT <
e - - o
e ~ T
\TE . U
CrARTmRn LDWRENS [ AN
- T O s
ST 3
. s 3
Bn TN
LOMEIR
Mim\ ’ N
AR LAy ¢ 4 OSABW >
~g 0% PEMTIV
e o 4 o MATEAWS AV
e -'&Mﬂh OWIMCAD
CANAL N MSENTEXR . "'7."5:
CTER0s A TER
BeTHIDY
ALOUUME | CASA
-
i
AT T oo -
ar UAN
B Uy Las - - e S AL AL
N0 aTuMon oL AR T
=
OVOIOONAD oA
LINRS ARAE RS
08 G e R
mauuto&%‘."‘
1T ety -

Ay :
..experlonm



Use Case: ecommerce fraud prevention

Holdout dataset evaluation

*  Mining of Textual Information
*  Mining of Device/Session Information
*  Mining of risky session behavior

Session-based

&
Cross-Session based *  Entity Lmkage at muI'Fl-IeveI _ o]
«  Cross-session behavior profile = "

c
Q ]
*  Neural Embedding of SKU, Location, O I I

customer, etc. 9

CFOSS Customer-baSEd . Peer Comparison (¢D]
*  Leveraging Experian CRDB, O J"r I

consumerView o

>S5

©

| S

LL

*  Dynamic risk tables
*  Dynamic volume tracking

Dynamic Risk Update

Same detection rate:

74% drop in false positive
and out sort rate

VLEINPRC IO © Ensemble of models
Out sort rate

P i
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Use Case: Voice of Customer

™

Call records Spetg)(i[] to Ontologies . éO(l)%fcalléeoclotrdst_track
i * Sales fraud detection
-.I_eXt Mlnlng * Collection behavior
Analytics - X-sell audit

» Trigger to system problems

New frontiers: Conversational assistant for financial management
and voice commerce

ol :
..experlcnm



Prototype: Image processing for agribusiness

Rainfall index NDVI Soil wetnhess index

0 /s 10 MN1S MW> 15 /0 PWo.2 ! 104 o6 BN >o08 0 B0 [ 100 150 N >150 @
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Prototype: Image processing for green insights

Key capabilities:

» Best areas/customers for photovoltaic installation
» Power generation potential
» Cost of electric energy consumption

Value of investment
+ Payback Time

G genin

I3 1oase o b hass0 w7 ey LADM AW, | e & n

et , 3

et
e

=,
»

- .
B e gl AT U ‘e il NG

Other analysis:
* Interest groups (condominiums, bakeries, drugstores, etc)

e Credit Risk
* Loans auctions
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Prototype:

Social network for credit score

computacao
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4. Pitfalls
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* Predictive models are never neutral but reflect the goals and ideology of those
who create them. They also tend to load the dice against poor people, / / / l \\ \\
reinforcing inequality in society. = WE—

» The filter bubble is the universe of information individualized for each one of
us. It is completely individual, transparent and out of our control. Through D ATA
decreased exposure to unfiltered information, the filter bubble would reduces

creativity and learning. G 0 l_ I AT H

» The big brother really is watching, and won't be stopping anytime soon. But at LS
least if you're aware of the facts you make better decisions about how much v
you, at least willingly, share

ELI PARISER e

» Everybody loves the cheap and powerful digital devices. But these devices
were never designed with privacy in mind; they spew personal data like -
carbon monoxide from a tailpipe. And downwind, inhaling our secrets, are ) 1
businesses, criminals, and police agencies. ® experlcn
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